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Reflectance(495-505 nm)/Reflectance(700-750 nm) 
Our approach reveals the existence of two large and 
spectrally distinct regions, which we call the polar 
spectral unit (PSU) and the equatorial spectral unit 
(ESU). Further analysis indicates the presence of 
smaller sub-units that lie near the boundaries of these 
large regions and may be transitional areas of 
intermediate spectral character. 
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Our	  global	  classiﬁca.on	  clustering	  reveals	  the	  existence	  of	  two	  large	  and	  spectrally	  dis.nct	  regions,	  
which	  we	  call	  the	  polar	  spectral	  unit	  (PSU,	  blue)	  and	  the	  equatorial	  spectral	  unit	  (ESU,	  red).	  Further	  
analysis	  indicates	  the	  presence	  of	  smaller	  sub-­‐units	  that	  lie	  near	  the	  boundaries	  of	  these	  large	  
regions	  and	  may	  be	  transi.onal	  areas	  of	  intermediate	  spectral	  character.	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Maximum	  Density	  correspond	  
to	  the	  south	  hemisphere	  PSU	  
spectral	  region	  /	  lowest	  
resolu.on	  for	  XRS	  (>1000km)	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